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Figure 3: User Interface of CROWDMGR

a related problem, Why is Selection Sort faster than Bubble
Sort?. Suppose, the user wants to explore the most popular
solution node for the query that have 8 answers aggregated,
i.e, the solution node mentioning ‘Memory’, ‘Linear Scan
and Partition’; and ‘Cache Friendly’. On clicking that node,
the Topical Analytics and Temporal Analytics plots are dis-
played. On selecting one of the green curves in the Topical
Analytics plot, the text of the actual answer is shown in the
Text Based View of the Answer panel (bottom left). Also,
the user can select a keyword from the drop down option
in Temporal Analytics panel to observe the popularity of a
keyword, overlaid on top of the popularity of all solutions
over time.

4. CONCLUSION

Given a user query, i.e., a problem, CROWDMGR gener-
ates a SOLUTIONGRAPH that helps user manage and inter-
pret crowdsourced data and extract valuable nuggets, i.e.,
solutions, from it. It enables a user to conduct temporal and
topical analysis of the solutions returned for the problem by
the system, as well as discover answers to questions which
she did not even an ask. Our demo allows users to gener-
ate and interactively explore interesting SOLUTIONGRAPH-s
for questions in Stack Overflow and Computer Science Stack
Exchange.

Our work is a preliminary look at a very novel problem
of research in crowdsourcing and there appear to be many
exciting directions of future research. Our immediate goal
is to improve the efficiency and effectiveness of our system
by employing sophisticated techniques in order to conduct
big data analytics and identify nodes to be displayed in the
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SOLUTIONGRAPH. Since user-generated content is always
on the rise, we plan to handle updates and insertions of new
users, problems, and answers in our system. We also intend
to investigate the applicability of our framework to other
forms of crowdsourced data involving images and videos, as
well as other novel applications, e.g., how SOLUTIONGRAPH
can improve the quality of recommendation, etc.
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